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Motivation Challenges

¢ Automatic audio conftent analysis & music discovery

¢ Searching, navigating and accessing large digital music libraries

¢ A first step In generating linked data between semantic concepts
¢ May complement ‘enhanced’ listening, music recommendation ...

Heterophony
Tuning and Intonation
Embellishments

Problem Definition

¢ Composition retrieval: Idenftification of the composition(s) in an
audio recording

¢+ Performance retrieval: Identification of the audio recording(s)
of a composition
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No definite performance tonic frequency (e.g. A4 =440H2)
Improvisations within the performances

Section repetitions, insertions and omissions

Interpretation differences due to oral propagation

Expressive decisions by the performers
Scores only nofate basic, monophonic melodic lines

Transposition Independent Partial Audio-Score Alignment
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Document Selection Results
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¢ Hough Transform or Subsequence DTW for partial alignment
¢ 10 fold cross validation to evaluate document selection SUI N[ I(]I’y
¢+ ~0.95 average MAP for both composition and performmance retrieval
¢ Test Dataset: /43 audio recordings, 146 music scores + Score fragment duration > 8 secs. Optimal is around 16 secs.
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